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Transgender labour market outcomes: Evidence from the US

Abstract
Alternative labour market outcomes for men and women have been studied extensively in
past literature. However, existing studies fail to directly compare labour market differences
between transgender and non-transgender people. We utilise data from the 2015 Behavioral
Risk Factor Surveillance System in the US to examine employment and wage differentials
between transgender persons and non-transgender people using the Fairlie (2005)
decomposition method. Our findings suggest that transgender people are less likely than nontransgender people to be employed, and are more likely than non-transgender people to
receive lower wages. While some of the difference in employment and wage gaps is
explained by sociodemographic characteristics, part of the gap remains unexplained.
Approximately 64 per cent of the employment differential and 43 per cent of the wage
differential is unexplained and may be due to discrimination. Therefore, our findings
highlight the importance of appropriate anti-discrimination policy.
Keywords: Transgender, cisgender, employment gap, wage gap, discrimination.

1. Introduction
The sex of a person is biological and the designation of male, female or intersex categories
depends on chromosomes, hormones and genitalia. Gender, on the other hand, is a social
construct, which links biological attributes to the social expectations of men and women
(Davidson, 2016). Although sex and gender are related, they are distinct from each other.
Therefore, people may identify as a man, woman, a combination of both, neither or
something entirely different regardless of their physical, hormonal or chromosomal
characteristics (Davidson, 2016). People whose gender identity differs from the sex they were
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assigned at birth may refer to themselves as transgender. Thus, “transgender” is an umbrella
term used to refer to individuals who do not entirely identify with the sex and/or gender they
were assigned at birth, and “cisgender” is a term used to describe individuals whose gender
identity matches their assigned sex and/or gender at birth. Gender can be viewed as a
spectrum on which common gender identities include men, women and non-binary (Ozturk
and Tatli, 2016). Although there is a difference between societal aspirations, attributions and
aspirations of gender identity and an individual’s self-ascription of gender identity (Köllen,
2016), this study assumes that all persons who identify as transgender in the Behavioral Risk
Factor Surveillance System survey are at least in part transitioning publicly. In this study,
“transmen” is a term used to describe individuals who were assigned female at birth but who
identify as men, and “transwomen” refers to individuals who were assigned male at birth but
identify as women, and individuals who do not identify with the binary labels of men or a
women may refer to themselves as non-binary (Davidson, 2016).

The general public’s awareness, understanding and acceptance of transgender people has
increased over the last decade. However, the stigma surrounding transgender people is still
pervasive (Grant et al., 2011), which leads to structural discrimination in society (James et
al., 2016). Labour market outcomes of transgender persons consistently show that
transgender people face harassment, abuse and discrimination in the labour market
(Davidson, 2016; Grant et al., 2011; Ozturk and Tatli, 2016). As much as 90 per cent of
transgender people experience some form of mistreatment or discrimination in their jobs, 47
per cent reported being fired, not hired or denied a promotion due to their gender identity,
and 27 per cent of transgender workers report annual earnings below $20,000 compared to 13
per cent of the general population (Grant et al., 2011). However, a direct employment and
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wage comparison between transgender persons and non-transgender persons has not yet been
researched.

The United States Equal Employment Opportunity Commission (EEOC) currently fails to
acknowledge individuals who identify as transgender. As a result, transgender labour market
participants may not be protected against labour market discrimination in the US. Previous
studies examining gender wage gaps and gender employment gaps focus mainly on
differentials between men and women (Aláez‐Aller et al., 2011; Yerkes et al., 2010).
However, there appears to be a lack of previous studies directly comparing employment and
wage outcomes between transgender people and non-transgender people. Therefore, the aim
of this study is to fill this gap in the literature by comparing differences in labour market
outcomes between transgender and non-transgender persons, and to investigate if transgender
people experience labour market inequalities due to their gender identity. We analyse labour
market experiences between individuals born with different sexes but identifying with the
same gender by examining employment and wage differentials between transwomen and
ciswomen, and between transmen and cismen. Similarly, to examine labour market
differences between persons born with the same sex but identifying as different genders,
employment and wage gaps are compared between transwomen and cismen, and between
transmen and ciswomen.

We use data from the Behavioral Risk Factor Surveillance System (BRFSS) telephone survey
in the US in 2015, sponsored by several federal agencies including the Centers for Disease
Control and Prevention, to examine employment and wage differentials between transgender
and non-transgender people in detail. Existing studies use decomposition methods to explain
how much of the wage or employment gap is due to differences in wage or employment
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related characteristics between two groups, and how much of the gap remains unexplained
once these differences are taken into account (Gallen et al., 2019; Sassler et al., 2017).
Employment and wage related characteristics are typically derived from the seminal work by
Becker (1962) on the importance of human capital, while other sociodemographic and
productivity related characteristics also attempt to explain labour market outcomes (Hara,
2018; Jung et al., 2018). We use established decomposition methods to explain how much of
the employment and wage differential between transgender and non-transgender persons can
be explained and how much remains unexplained.

This study contributes to the existing literature in gender and labour market outcomes by
directly comparing employment and wage outcomes between transgender and nontransgender persons, and by identifying how much of the employment and wage differential
can be explained by sociodemographic characteristics and how much may be due to potential
discrimination. Large data set from the US is utilised in order to improve the accuracy of
findings. The main finding of this study is that transgender people on average are less likely
than non-transgender people to be employed, and they tend to earn lower wages. Although
some of the employment and wage differential can be explained by differences in
sociodemographic characteristics between individuals, a sizable part of the differentials
remain unexplained. A wage gap or employment gap that cannot be explained may be due to
potential discrimination (Sassler et al., 2017). As a result, the findings of this study are
important and timely in order to assist in policy interventions, raise awareness and to
encourage employers to adapt fair and inclusive business practices that improve productivity
and labour market outcomes of transgender people.
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2. Literature review
In a world where the sex assigned at birth aligns with one’s gender identity is seen as
normative, transgender people are considered the “other” or non-normative (Schilt and
Westbrook, 2009). This consequently leads to stigma experienced by transgender persons at
structural, interpersonal, and individual levels (Hughto et al., 2015). Transgender people
report high levels of mistreatment, harassment, and violence in many aspects of their life
(James et al., 2016). For example, Hughto et al. (2015) finds that compulsory education and
in college or university, most people who either identified as transgender or were perceived
as transgender experienced some form of verbal and physical harassment, and sexual assault
because of their gender identity. Further, Burns (2017) shows that transgender people in
higher education applying for financial aid also face discrimination, as federal, state and
private finance providers often consider a person’s sexual orientation and gender identity
when they distribute financial aid, rather than financial need. They also often face
mistreatment and violence by their family members, at any stage in their lives, through
physical abuse or lack of support accessing essential needs, such as education and health
care, or support of gender expression (Hughto et al., 2015). In terms of health care,
approximately 25 per cent of the transgender community in the US are denied equal
treatment in a health care setting, and because of this discrimination over 30 per cent of
transgender people report that they delay or do not seek vital medical care (Jaffee et al.,
2016). In the criminal justice system, transgender people face higher rates of police
harassment (Center for American Progress, 2016), incarceration (Grant et al., 2011), and
physical and sexual assault in jails and prisons (Stohr, 2015).

The stigma surrounding transgender persons is also reflected in their career development and
labour market outcomes. For example, transgender people may experience difficulties in
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career development as experiences prior to transitioning may be under a different name and
gender presentation, which means that to receive credit and recommendations from previous
work they would have to disclose their transgender identity and run the risk of discrimination,
both formal and informal (McFadden, 2015). For many persons in the process of
transitioning, the anticipation of discrimination leads them to resign from their jobs before
they finish transitioning in order to begin in a new job in their desired gender (Köllen, 2018).
However, their career capital may not be transferred to the new job when the aim is to have
their gender identity recognised and accepted when they begin their new job (McFadden and
Crowley-Henry, 2016). Transgender persons may also experience unequal occupational
opportunities, because cis-normative culture as well as transphobia restrict their inclusion and
participation in certain occupations (Dowers et al., 2019). This in turn may lead to higher
unemployment rates (Leppel, 2016) and lower wages (Badgett et al., 2007) for persons who
identify as transgender.

Although directly comparable employment outcomes between transgender and nontransgender persons are unavailable, Grant et al. (2011) reports that the unemployment rate of
transgender people is double the unemployment rate of the national average. In contrast,
black/African American unemployment rates are almost double the unemployment rate of the
white population (Bureau of Labor Statistics, 2018). Approximately 78 per cent of
transgender people experience some form of harassment or mistreatment at work due to their
gender identity, while 47 per cent of transgender people report employment discrimination in
the form of hiring, promotion or job retention (Sears and Mallory, 2011). Hughto et al. (2015)
states that social norms and beliefs about transgender people may result in an enacted stigma
affecting employment outcomes of transgender people. Hatzenbuehler et al. (2010) also
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suggest that social norms, institutional environment, laws and practices in an organisation
may be used by the majority to marginalise and exclude those who are different.

Once in employment, transgender people are less likely to be promoted and more likely to
receive a lower wage than their cisgender counterparts (Badgett et al., 2007). Although to
date no detailed wage analysis have been conducted between the transgender and cisgender
population, between 22 and 64 per cent of people who identify as transgender report annual
earnings of less than $25,000 per year (Badgett et al., 2007) compared to 13 per cent of the
general population earning below $20,000 per year (Grant et al., 2011). We are unaware of
any existing literature directly comparing employment and wage differentials between
equivalent transgender and non-transgender persons. Therefore, an investigation of the malefemale labour market outcomes enables us to advance the literature by examining the labour
market outcomes of the transgender population.

Existing literature consistently shows that women are less likely than men to be employed
and to receive higher wages (Aláez‐Aller et al., 2011; Gallen et al., 2019; Klasen and Pieters,
2015). Some of the difference in labour market outcomes between men and women can be
explained by differences in human capital, socioeconomic, and work related characteristics
between the two groups (Blau and Kahn, 2017). For example, differences in education
attainment, marital status and the number of dependent children, can explain why labour
market outcomes differ (Sassler et al., 2017). Cultural beliefs about gender roles and family
values held by employers may influence their perception of women’s labour force
commitments (Olivetti and Petrongolo, 2008). Smith (2009) finds that occupational
differences between men and women are important when explaining wage differentials, since
women are more likely to be segregated into low paying occupations that reduce their
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average wage. Ethnicity is also an important contributor to the gender wage gap, since nonwhite workers are more likely than white workers to receive lower wages (Mandel and
Semyonov, 2016). Many studies include additional factors, such as the extent of risk
preferences (Jung et al., 2018), country-specific policies (Christofides et al., 2013), and
intergenerational transfer of gender norms (Haaland et al., 2018), to explain why labour
market outcomes differ. However, when differences in all relevant and available
characteristics are taken into account, there may still be an unexplained differential in
employment or wages. Zafar (2013) states that, any unexplained differential may be due to
differences in yet unobserved characteristics or potential discrimination.

Although there are no detailed employment and wage decomposition studies between
equivalent transgender and non-transgender workers, some studies investigate wage
outcomes before and after gender transitioning. Geijtenbeek and Plug (2015) find that
transgender women’s wages fall by 11 per cent after transitioning, and transgender men’s
wages remain the same after transitioning. Schilt and Wiswall (2008) find that, although
transgender workers have the same human capital characteristics before transitioning
earnings of transwomen decrease by almost 33 per cent after transitioning, while earnings of
transmen increase slightly after transitioning. Although Geijtenbeek and Plug (2015) and
Schilt and Wiswall (2008) do not specifically measure the impact of discrimination they
suggest that some of the change in wages before and after transition may be due to
discrimination. However, existing studies have not applied wage decomposition methods to
examine how much of the wage gap is due to differences in wage related characteristics and
how much of the gap is due to potential discrimination.
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3. Methodology
3.1 Data
We use data from the Behavioral Risk Factor Surveillance System (BRFSS), a nationally
representative health-related telephone survey of over 440,000 individuals in the US in
20151. The BRFSS is sponsored in part by the Centers for Disease Control and Prevention
and by various federal agencies, including the Health Resources and Services Administration,
and Substance Abuse and Mental Health Services Administration. The BRFSS is conducted
annually in order to collect data on preventative health practices and risk factors associated
with chronic diseases. We focus solely on the 2015 dataset as it contains relevant
sociodemographic characteristics that are excluded in other years and that are important for
our analysis. The data is particularly relevant as the BRFSS asks respondents about their
gender identity. Respondents are asked if they consider themselves a man or a woman.
Respondents are then asked if they consider themselves transgender, if yes, then either maleto-female (transwoman), female-to-male (transman) or gender non-conforming. Persons who
do not consider themselves transgender are labelled as cisgender men (cismen) or cisgender
women (ciswomen) only. This study excludes gender non-conforming persons from the
analysis because not all gender non-conforming persons are transgender. Köllen (2016) states
that, while transgender persons may identify with a specific binary gender identity, intersex
persons may not. The sample is also restricted to individuals between 16 and 65 years old,
resident in the US and who have provided relevant information for detailed employment and
wage analysis. After data restrictions are considered, a sample of 107,016 observations is
drawn.

1

For more information on BRFSS see https://www.cdc.gov/brfss/index.html
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3.2 Variables
Employment, as the dependent variable takes a value of 1 if a person is employed and
working for wages and 0 otherwise. In the wage model, the dependent variable is also a
dummy variable derived from categorical annual earnings available in BRFSS. A person
indicates if they earn below $15,000, between $15,000 and $25,000, between $25,000 and
$35,000, between $35,000 and $50,000 or more than $50,000 per year. Explanatory variables
identified from previous labour market research, which may explain why employment and
wage rates differ in the US, include human capital and demographic characteristics.

Human capital characteristics in employment and wage models include the highest education
level achieved as a proxy for productivity (college graduate or higher, high school, some high
school, elementary school). Demographic characteristics such as age, ethnicity (white, black,
native American, Asian, Hispanic, mixed, other), and region of residence (city centre, outside
city centre, suburban county, not in a metropolitan area) may also explain labour market
differentials. Family characteristics include marital status (married, divorced, widowed,
separated, unmarried couple, single) and if a respondent has any dependent children. Survey
respondents were also asked about their general health status, as poor health is likely to have
an effect on day-to-day activities of individuals in the labour market affecting their
productivity (Longhi et al., 2012). Respondents with fair or poor general health were
identified as persons with functional limitations. Therefore, we also examine the impact of
functional limitations caused by poor health on employment and wages. The sample excludes
all individuals who did not provide an answer to all relevant human capital and demographic
characteristics.
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3.3 Methods
Using the BRFSS data this study estimates the impact of gender, human capital,
demographic, family, and health characteristics on employment and income. The impact of
explanatory variables on employment decisions and income categories are estimated using a
probit model (Sarkar et al., 2019). In equation (1) below E is the dependent binary variable,
where 𝐸𝑖 is 1 if a person is employed and if they are in a specific income category and 0
otherwise. Conditional probability of employment and probability of being in a specific
income category can be expressed as follows:

𝑃(𝐸𝑖 = 1|𝐸𝑖 ) = Φ(𝛼𝑍𝑖 )

(1)

In equation (1), Z is a vector that includes gender, demographic, family, human capital and
health related characteristics, and 𝛼 the vector coefficient. Φ represents the cumulative
normal density function. The output from the probit model indicates the statistical effect of
gender, human capital and other sociodemographic characteristics on employment, and on
being in a specific income category.

Differences in mean predicted employment rates and income categories between transgender
and non-transgender people are examined by decomposing employment gaps and differences
between specific income categories. More specifically, we examine differences in
employment and incomes between transwomen and ciswomen, transmen and cismen,
transmen and ciswomen, and transwomen and cismen. The Fairlie (2005) model is used to
decompose the difference in predicted probability of employment, and income category,
between persons who do not identify as transgender (N) and those who identify as
transgender (T) into a part explained by differences in sociodemographic characteristics
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between the two groups, and a part that remains unexplained. Differences in predicted
probabilities are decomposed as follows:
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In equation (2), the left-hand side of the equation measures the difference in mean predicted
probability of employment and being in a specific income category between non-transgender
persons (𝑌̅ 𝑁 ) and transgender persons (𝑌̅ 𝑇 ). The difference between outcome variables is
presented in a percentage form. The first term in brackets on the right-hand side of the
equation is the explained part of the employment and wage gap, which is due to differences
in human capital and sociodemographic characteristics between non-transgender persons
𝑁

(∑𝑁
𝑖=𝑖

̂ 𝑇 𝑍𝑖𝑁 )
Φ(𝛼
𝑁𝑁

𝑇

) and transgender persons (∑𝑁
𝑖=𝑖

̂ 𝑇 𝑍𝑖𝑇 )
Φ(𝛼
𝑁𝑇

), weighted by probit coefficient

estimates from transgender equations (𝛼̂ 𝑇 ). It shows the percentage of the differential that can
be explained and the contribution of each explanatory variable in the model.

The second term in the brackets on the right-hand side of equation (2) is the unexplained
component of the employment and wage gaps, which is due to differences in the
demographic variable coefficient estimates from the probit model, weighted by the nontransgender distribution of independent variables (𝑍̅𝑁 ). It shows the percentage of the
differential that cannot be explained by differences in explanatory variables. The unexplained
employment and wage differential may be due to differences in yet unobserved wage and
employment related characteristics, but it may also be due to discrimination in the labour
12

market (Zafar, 2013). The non-linear Fairlie (2005) decomposition model of a binary
outcome variable originated from the liner decomposition model proposed by Blinder (1973)
and Oaxaca (1973). The Fairlie (2005) method of employment and wage decomposition is
particularly appealing as it controls for differences in demographic characteristics typically
used in employment and wage studies, and presents results in an accessible and easily
interpreted manner.

4. Results
4.1 Descriptive Statistics
Descriptive employment statistics in Table 1 indicate that, mean employment rates of
transgender people are significantly lower than employment rates of non-transgender people.
In 2015, approximately 58 per cent of non-transgender and 47 per cent of transgender people
are employed. Similarly, James et al. (2016) find that 50 per cent of transgender people are
working for an employer. Cismen report the highest employment rates, 61 per cent, followed
by ciswomen, 56 per cent. Transgender persons report lower rates of marriage and higher
rates of being single compared to non-transgender persons. Transgender persons are
significantly less likely than cisgender persons to graduate from college and more likely to
have a high school degree only. Crissman et al. (2017) also find that 35.6 per cent of
transgender people in the US have at least some college education compared to 56.6 per cent
of non-transgender people. Transgender persons are also more likely than cisgender persons
to be ethnic minorities. 77 per cent of cismen and 76 per cent of ciswomen in the US are
white compared to 69 per cent of transwomen and 65 per cent of transmen. Transgender
persons also report more functional limitations caused by poor health that may impact their
productivity. 23 per cent of transwomen and 19 per cent of transmen have functional
limitations, compared to 15 per cent of cismen and 16 per cent of ciswomen. Seelman et al.
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(2017) state that the risks of discrimination, harassment, and violence faced by transgender
people have a greater negative effect on their physical and mental health.

Insert Table 1 around here

In terms of wages, cismen on average report greater annual earnings than any other gender
group (Table 2). 69 per cent of men are in the highest income category (>$50,000) compared
to 65 per cent of ciswomen and 53 per cent of transgender workers. Approximately 29 per
cent of transgender workers, 22 per cent of ciswomen and 18 per cent of cismen earn up to
$35,000 per year, suggesting that transgender workers are more likely than non-transgender
workers to receive lower wages. Transgender workers are also more likely to be people of
colour or non-white, and they are more likely to report physical or mental functional
limitations that may impact their work or social activities. In general, transgender workers
have lower levels of human capital, which may have an effect on their wages.

Insert Table 2 around here

4.2 Probit Regression Results
The results from an employment probit estimation of equation (1) are presented in Table 3.
Coefficient estimates indicate that ciswomen and transgender people are significantly less
likely to be employed than cismen, holding all relevant demographic and human capital
characteristics constant. Transwomen, transmen and ciswomen are 28 per cent, 27 per cent,
and 16 per cent, respectively, less likely to be employed than cismen. Married, unmarried
couples and divorced persons are more likely than single persons to be in employment.
Higher levels of post primary education yield greater employment rates. Employment
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regression results also indicate that, ethnic minorities may experience lower employment
rates than corresponding white workers. Persons with health related functional limitations are
66 per cent less likely to be employed than those without functional limitations. These results
on the impact of sociodemographic characteristics on employment support existing literature
(Leppel, K., 2019).

Insert Table 3 around here

The wage regression results in Table 4 indicate that ciswomen and transgender people are
more likely than cismen to earn below $50,000. Cismen are 10 per cent more likely than
ciswomen, transwomen, and transmen to earn above $50,000. Married workers are 33 per
cent more likely to earn above $50,000 than single workers and less likely to work for lower
wages. Workers with higher levels of education are more likely to be in the highest income
category compared to workers with primary education. Ethnic minorities are significantly
more likely to earn below $50,000 than white workers. Workers with functional limitations
are 23 per cent less likely to work in the highest income category when compared to workers
without health problems.

Insert Table 4 around here

4.3 Employment Decompositions
We next examine employment differentials between transgender and non-transgender
persons. Employment decomposition analysis are estimated using equation (2) and the results
are presented in Table 5. The predicted employment rate of transgender people is 46 per cent
compared to 61 per cent of non-transgender people. The predicted employment gap between
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the two groups is 11.7 per cent (Table 5, column 2) of which 36 per cent (0.042 of the nontransgender employment rate) is explained by differences in mean observed employment
related characteristics, while the remaining 64 per cent (0.074 of the non-transgender
employment rate) of the employment differential is unexplained. Decomposition results
indicate that, education and health related functional limitations are the main contributors to
the explained portion of the employment gap, due to relatively large positive coefficient
estimates. In this study, transgender persons have lower levels of educational attainment
compared to non-transgender people (Table 1). Leppel (2019) states that higher education
attainment may improve employment outcomes of transgender people. However, transgender
persons often experience stigma that limits their access to education (Hughto et al., 2015).
Transgender persons also report more health related functional limitations that impact their
daily lives, which in turn reduces their labour market participation. Since poor health is
linked to reduced labour market outcomes (Longhi et al., 2012), transgender people may find
it difficult to remain in employment. Other employment related characteristics explain a
relatively small portion of the employment differential.

Employment gaps are also examined between transwomen and ciswomen, and between
transmen and cismen in order to investigate employment differentials between persons who
identify with the same gender but have different histories of their biological sex. The results
show that ciswomen have 9.2 per cent higher employment rates than equivalent transwomen
(Table 5, column 4). Approximately 46 per cent (0.042 of the ciswomen’s employment rate)
of the employment differential can be explained by education and health related functional
limitations. The predicted employment gap between transmen and cismen is greater than the
predicted employment differential between transwomen and ciswomen. Transmen are 15 per
cent less likely than cismen to be employed (Table 5, column 6). Although approximately 16
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per cent (0.024 of the cismen’s employment rate) of the employment gap is explained by
differences in employment related characteristics, 84 per cent of the employment differential
remains unexplained.

Another unique perspective is to examine employment differentials between transwomen and
cismen, and between transmen and ciswomen in order to compare labour market outcomes
between persons born into the same biological sex but who identify with different genders.
The results show that transwomen are employed 15 per cent less than cismen (Table 5,
column 8), and that approximately 32 per cent (0.047 of the cismen’s employment rate) of the
employment gap is explained by employment related characteristics. Transmen are employed
9.3 per cent less than equivalent ciswomen, and that approximately 53 per cent of the
employment gap is explained. The results suggest that transwomen on average experience a
significant reduction in employment after transitioning, and that approximately 68 per cent of
the reduction in the employment rate cannot be explained. Transmen experience a less severe
reduction in employment after transitioning, and while a greater part of the employment
differential is explained a significant unexplained employment gap remains.

Insert Table 5 around here

4.4 Wage Decompositions
We next examine differences in predicted probabilities of working in a specific wage
category between non-transgender persons and transgender persons. On average, predicted
probabilities for transgender people working in wage categories below $50,000 are greater
than for non-transgender people, which yields a negative difference in predicted probabilities
for each income category in favour of transgender people (Table 6 column 2). In terms of the
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highest income category, transgender workers are 11 per cent less likely to receive wages
above $50,000 per year. The explained differential in predicted probabilities is 8.3 per cent or
76 per cent of the total gap, which indicates that most of the differential is due to wage
related characteristics, such as marital status, education, and ethnicity. As a greater
proportion of transgender persons are ethnic minorities, and since people of colour on
average are paid less than white workers (Maasoumi and Wang, 2017), a considerable part of
the probability differential is explained by differences in ethnicity. As a result, 24 per cent of
the differential in predicted probabilities remains unexplained by differences in wage related
characteristics. Differences in age, region, functional limitations and dependent children have
a statistically insignificant impact on the probability differential.

The predicted probability of transwomen and transmen in income categories below $50,000
are greater than predicted probabilities of ciswomen and cismen respectively (Table 6,
columns 4 and 6). The results show wage differentials when persons born with a different sex
identify with the same gender. At the lowest income categories ($15,000 - $25,000, $25,000 $35,000, and $35,000 - $50,000) differences in wage related characteristics explain only
small portion of the probability differential. Although, transwomen and transmen have lower
accumulation of human capital than ciswomen and cismen respectively (Table 2), a negative
unexplained differential suggests that more transgender workers than expected are in lower
income categories. In the highest income category (>$50,000), the difference in predicted
probability between transwomen and ciswomen is 6.4 per cent, which is entirely explained by
wage related human capital and demographic characteristics. The probability difference
between transmen and cismen is 17.2 per cent, of which only 34 per cent (0.058 of cismen’s
wage rate) is explained.
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Predicted probabilities between transmen and ciswomen, and between transwomen and
cismen are compared to indicate wage differences between persons of the same sex but with
different gender identities. The results show that transmen and transwomen report higher
probabilities of being in income categories below $50,000 than ciswomen and cismen
respectively (Table 6, columns 8 and 10). In the highest income category (>$50,000), the
difference in predicted probability between transmen and ciswomen is 12.2 per cent of which
76 per cent (0.093 of ciswomen’s wage rate) is explained by differences in wage related
characteristics. The probability difference between transwomen and cismen is 11.4 per cent,
of which 61 per cent (0.058 of cismen’s employment rate) is explained. Although predicted
probability wage differentials in the highest income category are mainly explained, some
unexplained differential persists.

Insert Table 6 around here

When all relevant and available employment and wage related characteristics are accounted
for, any unexplained employment and wage differential may be due to differences in yet
unobserved characteristics between transgender and non-transgender people or it may be due
to direct or indirect discrimination. The employment and wage decomposition results show
that in general transgender people are less likely to be employed and more likely to receive
lower incomes than equivalent non-transgender workers, and that potential discrimination
may be a contributing factor. However, it is important to note that decomposition results only
show the employment and wage gaps based on observed information. The study does not
measure the impact of structural discrimination transgender persons face on day-to-day basis,
such as in receiving education or health care (James et al., 2016), which may understate the
scale of potential discrimination transgender people experience in a labour market.
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5. Conclusion
We use Behavioral Risk Factor Surveillance System data from 2015 to examine differences
in labour market outcomes between transgender and non-transgender people, and to identify
if transgender people experience employment and wage inequalities due to their gender
identity. We believe this to be the first study to directly compare employment rates and
wages between transgender and non-transgender persons. The results of this study support the
hypothesis that some of the employment gap and difference in wages between transgender
people and otherwise equivalent non-transgender people is unexplained.

Employment decomposition results suggest, that on average the employment gap between
transgender and non-transgender persons is 11.7 per cent, of which only 4.2 per cent is due to
transgender people having lower levels of human capital than non-transgender persons. Even
after transitioning transmen and transwomen experience lower employment outcomes than
their cisgender counterparts. This may be due to transgender people experiencing structural
discrimination in their everyday lives (James et al., 2016), which may lead to lower career
capital (Köllen, 2018) and unequal occupational opportunities (Dowers et al., 2019), which in
turn may also explain employment differentials between non-transgender and transgender
people. Although more detailed information on structural discrimination is not available in
the BRFSS it is important to acknowledge that transgender people experience the additional
burden of stigma on daily basis.

Once in employment, non-transgender people on average are 11 per cent more likely than
transgender people to be in the highest income category (>$50,000), of which 8.3 per cent is
explained by differences in sociodemographic characteristics, such as marital status,
education and ethnicity. Transgender workers are also more likely than non-transgender
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workers to be in low income categories (below $50,000), and only a part of the difference in
predicted probabilities of being in a specific income category can be explained by
sociodemographic characteristics. When differences between persons born of the same sex
but different gender identities, and between persons born with different sexs but identifying
with the same gender are considered, significant wage differentials persist. Our results
support Schilt and Wiswall (2008) who state that, although transgender workers have the
same human capital characteristics before transitioning their wages may be affected after
transitioning.

The unexplained employment and wage differential may be due to differences in yet
unobserved employment and wage related characteristics or it may be due to differences in
coefficient estimates in each employment and wage equation, often interpreted as potential
discrimination (Blau and Kahn, 2017; Mandel and Semyonov, 2014; Sassler et al., 2017).
Structural discrimination may also have an effect on sociodemographic characteristics used in
this study, and therefore, the unexplained employment and wage differential may hide the
scale of the actual discrimination experienced by transgender people in a labour market. The
findings of this study are in line with previous literature which states that many transgender
persons not only experience discrimination, harassment and abuse in their day-to-day lives,
but they may also experience negative labour market outcomes when compared to similar
non-transgender persons (Davidson, 2016; Grant et al., 2011; Hughto et al., 2015).

This study is first to examine employment and wage differentials between transgender people
and non-transgender people directly. However, there are some limitations to the dataset used
in this analysis. Important wage related characteristics, such as occupation, industry and
sector of employment, which can explain a sizable part of the wage differential are not
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available in the BRFSS. Structural discrimination in society, as well as career capital may
also explain labour market outcomes but are not available. The data analysed is crosssectional but labour market information spanning across multiple time periods is preferred.
The results can also be improved by utilising a data set with specific measures of wages
rather than categorical income measures. This would enable a more accurate examination of
wage differentials across the entire wage distribution.

The findings of this study are important for a number of reasons. Employment laws in the US
do not consider transgender people specifically which means that they may experience
negative labour market outcomes as a consequence. As structural stigma is a major
contributor to the lower labour market outcomes of transgender people it can be mitigated by
passing laws that provide transgender people with equal protection in employment, housing,
and education (Hughto et al., 2015). The findings of this study provide the basis for further
policy used to reduce discrimination and improve labour market outcomes of transgender
people. The results are also important for employers, as inclusive, accepting and fair work
environment increases worker happiness and productivity which may lead to overall benefit
to a company. One way to achieve this is by including gender identity as part of their
company’s anti-discrimination and anti-harassment policies (Daniel and Butkus, 2015).
Finally, our findings serve to raise awareness of labour market outcomes of transgender
persons when compared to those who do not identify as transgender.
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Tables:
Table 1: Descriptive statistics of variables in the employment equation by gender: full sample.
Gender subgroups
Non-transgender
Transgender
Cismen
Ciswomen
Transmen
(n = 106,615)
(n = 401)
(n = 46,646)
(n = 59,969)
(n = 156)
0.58 (0.493)
0.47 (0.500)
0.61 (0.487)
0.56 (0.497)
0.47 (0.501)
47.41 (13.17)
46.25 (13.88)
46.81 (13.49)
47.9 (12.90)
45.76 (13.81)

Variable
Employed
Age
Marital status
Married
0.56 (0.496)
Divorced
0.14 (0.344)
Widowed
0.04 (0.188)
Separated
0.02 (0.153)
Unmarried couple
0.04 (0.187)
Single
0.20 (0.399)
Education
College graduate or more
0.41 (0.491)
Some college
0.28 (0.447)
High school graduate
0.25 (0.435)
Some high school
0.04 (0.204)
Elementary
0.02 (0.134)
Race/ethnicity
White
0.76 (0.425)
Black
0.08 (0.269)
Native American
0.01 (0.092)
Asian
0.03 (0.173)
Hispanic
0.09 (0.283)
Other race
0.01 (0.077)
Multiracial
0.03 (0.159)
Region (Metropolitan Status)
City centre
0.26 (0.439)
Outside city centre
0.09 (0.290)
Suburban county
0.04 (0.206)
Not in a Metropolitan area
0.12 (0.323)
Functional limitations
0.16 (0.363)
Dependent child
0.36 (0.481)
Notes: Standard deviations in parentheses.
Source: BRFSS, 2015.

Transwomen
(n = 245)
0.47 (0.500)
46.57 (13.95)

0.48 (0.500)
0.14 (0.350)
0.03 (0.184)
0.03 (0.171)
0.03 (0.177)
0.27 (0.444)

0.56 (0.496)
0.12 (0.329)
0.02 (0.134)
0.02 (0.139)
0.04 (0.192)
0.23 (0.424)

0.57 (0.496)
0.15 (0.354)
0.05 (0.220)
0.03 (0.162)
0.04 (0.183)
0.17 (0.377)

0.50 (0.502)
0.12 (0.328)
0.05 (0.221)
0.04 (0.208)
0.03 (0.177)
0.24 (0.427)

0.47 (0.500)
0.16 (0.363)
0.02 (0.155)
0.02 (0.142)
0.03 (0.178)
0.29 (0.455)

0.22 (0.414)
0.28 (0.449)
0.37 (0.484)
0.09 (0.286)
0.04 (0.196)

0.39 (0.488)
0.26 (0.441)
0.28 (0.449)
0.05 (0.210)
0.02 (0.135)

0.42 (0.494)
0.29 (0.452)
0.23 (0.423)
0.04 (0.200)
0.02 (0.132)

0.22 (0.419)
0.26 (0.438)
0.35 (0.477)
0.12 (0.321)
0.06 (0.234)

0.22 (0.413)
0.29 (0.456)
0.39 (0.488)
0.07 (0.261)
0.03 (0.167)

0.68 (0.469)
0.08 (0.279)
0.01 (0.086)
0.05 (0.223)
0.13 (0.342)
0.02 (0.131)
0.03 (0.164)

0.77 (0.420)
0.07 (0.248)
0.01 (0.092)
0.04 (0.185)
0.08 (0.277)
0.01 (0.082)
0.03 (0.164)

0.76 (0.429)
0.09 (0.283)
0.01 (0.092)
0.03 (0.162)
0.09 (0.286)
0.01 (0.074)
0.03 (0.155)

0.65 (0.477)
0.08 (0.267)
0.01 (0.080)
0.04 (0.193)
0.19 (0.395)
0.02 (0.138)
0.01 (0.113)

0.69 (0.464)
0.09 (0.286)
0.01 (0.090)
0.06 (0.240)
0.10 (0.298)
0.02 (0.127)
0.04 (0.188)

0.24 (0.426)
0.08 (0.267)
0.03 (0.184)
0.13 (0.339)
0.21 (0.411)
0.34 (0.473)

0.23 (0.420)
0.08 (0.276)
0.04 (0.197)
0.11 (0.310)
0.15 (0.357)
0.34 (0.473)

0.29 (0.452)
0.10 (0.300)
0.05 (0.212)
0.13 (0.333)
0.16 (0.367)
0.38 (0.486)

0.27 (0.445)
0.06 (0.246)
0.04 (0.208)
0.15 (0.362)
0.19 (0.390)
0.41 (0.493)

0.22 (0.413)
0.09 (0.281)
0.03 (0.167)
0.12 (0.324)
0.23 (0.423)
0.29 (0.455)
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Variable
Income category
<$15,000
$15,000 - $25,000
$25,000 - $35,000
$35,000 - $50,000
>$50,000
Age
Marital status
Married
Divorced
Widowed
Separated
Unmarried couple
Single
Education
College graduate or more
Some college
High school graduate
Some high school
Elementary
Race/ethnicity
White
Black
Native American
Asian
Hispanic
Other race
Multiracial
Region (Metropolitan Status)
City centre
Outside city centre
Suburban county
Not in a Metropolitan area
Functional limitations
Dependent child

Table 2: Descriptive statistics of variables in the wage equation by gender: workers only
Gender subgroups
Non-transgender
Trans-gender
Cismen
Ciswomen
Transmen
(n = 56,168)
(n = 175)
(n = 26,196)
(n = 29,972)
(n = 68)

Transwomen
(n = 107)

0.03 (0.173)
0.09 (0.285)
0.08 (0.273)
0.13 (0.338)
0.67 (0.471)
46.01 (12.16)

0.04 (0.197)
0.14 (0.345)
0.11 (0.312)
0.18 (0.388)
0.53 (0.500)
45.88 (13.07)

0.02 (0.150)
0.08 (0.269)
0.08 (0.269)
0.13 (0.336)
0.69 (0.462)
45.29 (12.40)

0.04 (0.190)
0.10 (0.298)
0.08 (0.277)
0.13 (0.340)
0.65 (0.478)
46.63 (11.91)

0.03 (0.170)
0.10 (0.306)
0.13 (0.341)
0.24 (0.427)
0.50 (0.504)
46.40 (13.28)

0.05 (0.212)
0.16 (0.367)
0.09 (0.292)
0.15 (0.358)
0.55 (0.500)

0.60 (0.490)
0.13 (0.337)
0.02 (0.156)
0.02 (0.142)
0.04 (0.192)
0.18 (0.386)

0.53 (0.501)
0.12 (0.326)
0.03 (0.182)
0.03 (0.167)
0.03 (0.182)
0.25 (0.435)

0.62 (0.485)
0.10 (0.306)
0.01 (0.109)
0.02 (0.130)
0.04 (0.200)
0.20 (0.399)

0.58 (0.493)
0.15 (0.360)
0.04 (0.186)
0.02 (0.152)
0.04 (0.185)
0.17 (0.373)

0.54 (0.502)
0.09 (0.286)
0.04 (0.207)
0.03 (0.170)
0.01 (0.121)
0.26 (0.444)

45.55 (0.502)
0.51 (0.502)
0.14 (0.349)
0.03 (0.166)
0.05 (0.212)
0.24 (0.431)

0.48 (0.499)
0.27 (0.442)
0.22 (0.414)
0.03 (0.158)
0.01 (0.103)

0.30 (0.458)
0.25 (0.435)
0.38 (0.486)
0.05 (0.222)
0.02 (0.150)

0.45 (0.497)
0.26 (0.436)
0.25 (0.434)
0.03 (0.174)
0.01 (0.119)

0.50 (0.500)
0.28 (0.448)
0.19 (0.393)
0.02 (0.143)
0.01 (0.087)

0.31 (0.465)
0.28 (0.452)
0.34 (0.477)
0.04 (0.207)
0.03 (0.170)

0.29 (0.456)
0.23 (0.425)
0.40 (0.493)
0.06 (0.231)
0.02 (0.136)

0.77 (0.419)
0.08 (0.265)
0.01 (0.083)
0.03 (0.180)
0.08 (0.272)
0.01 (0.075)
0.02 (0.155)

0.70 (0.458)
0.07 (0.253)
0.01 (0.076)
0.07 (0.253)
0.13 (0.339)
0.02 (0.150)

0.78 (0.417)
0.06 (0.237)
0.01 (0.084)
0.04 (0.193)
0.09 (0.281)
0.01 (0.081)
0.03 (0.156)

0.77 (0.421)
0.09 (0.286)
0.01 (0.082)
0.03 (0.167)
0.08 (0.264)
0.00 (0.068)
0.02 (0.154)

0.69 (0.465)
0.06 (0.237)
0.07 (0.263)
0.18 (0.384)
-

0.71 (0.456)
0.07 (0.264)
0.01 (0.097)
0.07 (0.248)
0.10 (0.305)
0.04 (0.191)

0.25 (0.433)
0.09 (0.290)
0.04 (0.198)
0.10 (0.306)
0.09 (0.280)
0.41 (0.493)

0.22 (0.417)
0.07 (0.263)
0.04 (0.197)
0.14 (0.345)
0.10 (0.297)
0.40 (0.491)

0.22 (0.415)
0.08 (0.276)
0.04 (0.190)
0.09 (0.288)
0.09 (0.282)
0.41 (0.491)

0.28 (0.447)
0.10 (0.301)
0.04 (0.205)
0.12 (0.320)
0.08 (0.278)
0.42 (0.494)

0.25 (0.436)
0.07 (0.263)
0.06 (0.237)
0.18 (0.384)
0.09 (0.286)
0.46 (0.502)

0.21 (0.406)
0.07 (0.264)
0.03 (0.166)
0.11 (0.317)
0.10 (0.305)
0.36 (0.484)

Note
s:
Stan
dard
devi
atio
ns in
pare
nthe
ses.

Sour
ce:
BRF
SS,
201
5.
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Table 3: Coefficient estimates for employment equation: full sample.
Variable
Coef.
Std. Err.
Gender
Ciswomen
-0.161*** (0.008)
Transwomen
-0.282*** (0.084)
Transmen
-0.271*** (0.104)
Age
0.127*** (0.002)
Age^2
-0.002*** (0.000)
Marital status
Married
0.084*** (0.012)
Divorced
0.092*** (0.016)
Widowed
-0.075*** (0.024)
Separated
-0.013 (0.028)
Unmarried couple
0.101*** (0.023)
Education
College graduate or more
0.601*** (0.031)
Some college
0.404*** (0.031)
High school graduate
0.327*** (0.031)
Some high school
-0.051 (0.035)
Race/ethnicity
Black
0.021 (0.015)
Native American
-0.176*** (0.044)
Asian
-0.023 (0.024)
Hispanic
-0.005 (0.015)
Other race
-0.083 (0.051)
Multiracial
-0.074*** (0.025)
Region (Metropolitan Status)
City centre
-0.047*** (0.010)
Outside city centre
-0.001 (0.014)
Suburban county
-0.051** (0.020)
Functional limitations
-0.655*** (0.012)
Dependent child
-0.053*** (0.010)
Notes: Dependent variable is employment. Omitted categories are: gender, cismen; marital
status, single; education, primary; race/ethnicity, white; region, not in a metropolitan area;
functional limitations, no health problems. ***Indicates significance at the 0.01 level or
better; **indicates significance at the 0.05 level or better; *indicates significance at the 0.10
level or better. Source: BRFSS, 2015.
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Table 4: Coefficient estimates of wage equations for each income category: workers only.
$15,000 - $25,000
$25,000 - $35,000
$35,000 - $50,000
Coef. Std. Err.
Coef. Std. Err.
Coef. Std. Err.
Gender
Ciswomen
0.03*** (0.002)
0.03*** (0.002)
Transwomen
0.03** (0.016)
0.03** (0.013)
Transmen
0.03 (0.019)
0.03* (0.016)
Age
-0.01*** (0.001)
-0.01*** (0.001)
Age squared
0.00*** (0.000)
0.00*** (0.000)
Marital status
Married
-0.11*** (0.003)
-0.09*** (0.002)
Divorced
-0.01*** (0.002)
-0.01*** (0.002)
Widowed
0.01** (0.004)
0.01** (0.004)
Separated
0.01 (0.004)
0.01 (0.004)
Unmarried couple
-0.03*** (0.004)
-0.03*** (0.002)
Education
College graduate or more
-0.19*** (0.008)
-0.15*** (0.004)
Some college
-0.08*** (0.003)
-0.09*** (0.004)
High school graduate
-0.06*** (0.003)
-0.07*** (0.004)
Some high school
-0.02*** (0.004)
-0.02*** (0.005)
Race/ethnicity
Black
0.04*** (0.002)
0.04*** (0.002)
Native American
0.05*** (0.010)
0.04*** (0.007)
Asian
0.04*** (0.004)
0.03*** (0.003)
Hispanic
0.07*** (0.003)
0.06*** (0.002)
Other race
0.05*** (0.011)
0.04*** (0.007)
Multiracial
0.02*** (0.004)
0.02*** (0.004)
City centre
-0.02*** (0.001)
-0.02*** (0.001)
Outside city centre
-0.03*** (0.002)
-0.03*** (0.002)
Suburban county
-0.01*** (0.002)
-0.01*** (0.003)
Functional limitations
0.08*** (0.011)
0.07*** (0.007)
Dependent child
0.00*** (0.000)
0.00*** (0.001)
Inverse Mills
-0.04**
-0.04*
Notes: Dependent variable is employment. Omitted categories are: gender, cismen; marital status, single;
metropolitan area; functional limitations, no health problems. ***Indicates significance at the 0.01 level or
*indicates significance at the 0.10 level or better. Source: BRFSS, 2015.

>$50,000
Coef. Std. Err.

0.04***
0.03***
0.03**
-0.01***
0.00***

(0.002)
(0.012)
(0.015)
(0.002)
(0.000)

-0.10***
-0.10**
-0.10*
0.03***
-0.00***

(0.006)
(0.046)
(0.056)
(0.004)
(0.000)

-0.10***
-0.01***
0.01**
0.01
-0.04***

(0.002)
(0.003)
(0.004)
(0.004)
(0.004)

0.33***
0.02***
-0.03**
-0.02
0.10***

(0.006)
(0.007)
(0.012)
(0.012)
(0.008)

-0.17***
-0.14***
-0.10***
-0.03***

(0.003)
(0.006)
(0.006)
(0.007)

0.57***
0.33***
0.24***
0.06***

(0.017)
(0.012)
(0.013)
(0.016)

0.04*** (0.002)
-0.12*** (0.008)
0.04*** (0.005)
-0.15*** (0.024)
0.03*** (0.003)
-0.11*** (0.012)
0.05*** (0.002)
-0.20*** (0.008)
0.04*** (0.006)
-0.15*** (0.027)
0.02*** (0.004)
-0.02*** (0.012)
-0.03*** (0.002)
0.07*** (0.005)
-0.04*** (0.003)
0.10*** (0.006)
-0.02*** (0.004)
0.05*** (0.009)
0.06*** (0.004)
-0.23*** (0.026)
0.01*** (0.001)
-0.01*** (0.003)
-0.05*
0.14*
education, primary; race/ethnicity, white; region, not in a
better; **indicates significance at the 0.05 level or better;
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Nontransgender
(n = 106,615)
0.577

Table 5: Decompositions of employment differentials by gender.
Gender subgroups
TransTransTransCiswomen
Cismen
Ciswomen
gender
women
men
(n = 408) (n = 60,281)
(n = 247) (n = 46,922) (n = 161) (n = 60,281)
0.461
0.553
0.462
0.610
0.460
0.553

Mean predicted
employment rate
Difference in predicted
0.117
0.092
0.151
employment rates
Explained difference
0.042
0.042
0.024
Unexplained difference
0.075
0.050
0.127
Components of the predicted employment differential
Age
-0.001
0.006
-0.008
Marital status
0.002
-0.006
0.004
Education
0.025
0.030
0.023
Region
-0.001
-0.002
0.000
Functional limitations
0.015
0.019
0.010
Dependent children
0.000
-0.004
-0.001
Ethnicity
0.001
0.001
-0.004
Notes: Non-transgender, ciswomen, and cismen are the reference groups in respective employment decompositions.
Source: BRFSS, 2015.

Transmen
(n = 161)

(n = 46,922)

Transwomen
(n = 247)

0.460

0.610

0.462

-

0.093

-

0.149

-

0.050
0.043

-

0.047
0.102

-

-0.005
-0.001
0.040
0.000
0.013
0.002
0.004

-

0.003
0.010
0.016
0.000
0.017
0.001
0.001

Cismen
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Table 6: Decompositions of predicted probability differentials by gender in each income category: workers only.
Income category: $15,000 - $25,000
Nontransgender
(n = 61,981)
Mean predicted probability of
0.081
wage category
Difference in predicted
probability of wage category
Explained difference
Unexplained difference
Components of the predicted probability
differential
Age
Marital status
Education
Region
Functional limitations
Dependent children
Ethnicity
-

Transgender
(n = 188)

Gender subgroups
TransCiswomen
men
(n = 74) (n = 33,339)

(n = 33,339)

Transwomen
(n = 114)

(n = 28,642)

0.128

0.089

0.149

0.072

0.095

-0.047

-

-0.060

-

-0.027
-0.019

-

-0.039
-0.022

-0.001
-0.014
-0.011
-0.002
0.000
0.001
-0.001

-

-0.003
-0.014
-0.018
-0.006
0.000
0.002
0.000

Ciswomen

Transmen
(n = 74)

(n = 28,642)

Transwomen
(n = 114)

0.089

0.095

0.072

0.149

-0.023

-

-0.006

-

-0.077

-

-0.019
-0.004

-

-0.034
0.028

-

-0.017
-0.060

-

0.000
-0.009
-0.007
0.000
0.000
0.001
-0.004

-

Cismen

-0.001
-0.011
-0.015
-0.002
0.001
0.001
-0.004

Cismen

-

0.000
-0.010
-0.008
-0.001
0.000
0.000
0.004
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Income category: $25,000 - $35,000
Nontransgender
(n = 61,981)
Mean predicted probability
0.074
of wage category
Difference in predicted
probability of wage category
Explained difference
Unexplained difference
Components of the predicted probability
differential
Age
Marital status
Education
Region
Functional limitations
Dependent children
Ethnicity
-

Transgender
(n = 188)

Gender subgroups
TransCiswomen
men
(n = 74) (n = 33,339)

(n = 33,339)

Transwomen
(n = 114)

(n = 28,642)

0.101

0.075

0.088

0.072

0.122

0.075

-0.027

-

-0.012

-

-0.050

-0.017
-0.011

-

-0.018
0.006

-

0.000
-0.008
-0.007
-0.001
0.000
0.000
0.000

-

-0.001
-0.007
-0.010
-0.003
0.000
0.000
0.000

-

Ciswomen

Cismen

Transmen
(n = 74)

(n = 28,642)

Transwomen
(n = 114)

0.122

0.072

0.088

-

-0.046

-

-0.016

-0.013
-0.037

-

-0.013
-0.033

-

-0.015
-0.001

0.001
-0.006
-0.005
0.001
0.000
0.000
-0.003

-

0.000
-0.004
-0.007
-0.001
0.000
0.000
-0.002

-

0.000
-0.007
-0.007
-0.001
0.000
0.000
0.001

Cismen

34

Income category: $35,000 - $50,000
Nontransgender
(n = 61,981)
Mean predicted probability
0.120
of wage category
Difference in predicted
probability of wage category
Explained difference
Unexplained difference
Components of the predicted probability
differential
Age
Marital status
Education
Region
Functional limitations
Dependent children
Ethnicity
-

Transgender
(n = 188)

Gender subgroups
TransCiswomen
men
(n = 74) (n = 33,339)

(n = 33,339)

Transwomen
(n = 114)

(n = 28,642)

0.170

0.120

0.140

0.119

0.216

-0.051

-

-0.020

-

-0.015
-0.036

-

-0.015
-0.005

0.000
-0.005
-0.009
-0.001
0.000
0.000
0.000

-

0.000
-0.004
-0.008
-0.004
0.000
-0.001
0.001

Ciswomen

Transmen
(n = 74)

(n = 28,642)

Transwomen
(n = 114)

0.120

0.216

0.119

0.140

-0.097

-

-0.096

-

-0.021

-

-0.013
-0.084

-

-0.005
-0.091

-

-0.021
-0.001

-

0.000
-0.006
-0.007
0.002
0.000
0.000
-0.002

-

0.000
-0.002
-0.005
-0.001
0.000
0.000
0.001

-

0.000
-0.008
-0.011
-0.001
0.000
0.000
0.000

Cismen

Cismen
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Income category: >$50,000
Nontransgender
(n = 61,981)

Transgender
(n = 188)

Ciswomen

Transwomen
(n = 114)

Cismen

(n = 33,339)
(n = 28,642)
Mean predicted probability
0.604
0.495
0.581
0.518
0.631
of wage category
Difference in predicted
0.110
0.064
probability of wage category
Explained difference
0.083
0.109
Unexplained difference
0.027
-0.046
Components of the predicted probability
differential
Age
0.003
0.003
Marital status
0.015
0.014
Education
0.050
0.076
Region
0.002
0.008
Functional limitations
0.002
0.005
Dependent children
0.000
-0.001
Ethnicity
0.008
0.005
Notes: Non-transgender, ciswomen, and cismen are the reference groups in respective wage decompositions.
Source: BRFSS, 2015.

Gender subgroups
TransCiswomen
men
(n = 74) (n = 33,339)

Transmen
(n = 74)

(n = 28,642)

Transwomen
(n = 114)

Cismen

0.459

0.581

0.459

0.631

0.518

0.172

-

0.122

-

0.114

0.058
0.114

-

0.093
0.029

-

0.069
0.044

0.002
0.015
0.031
-0.002
-0.001
-0.001
0.015

-

0.009
0.005
0.066
0.002
0.000
0.000
0.010

-

0.000
0.018
0.040
0.002
0.003
0.001
0.007
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